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Abstract

This paper presents methods for using face tracking cameras with face recognition. The
method of using a face tracking camera with face recognition in this document will work with two-
dimensional gray scale faces. The first step is to detect the face with the haar like feature. In the
second step, face recognition is only for the camera to track the recognized face by using the
Eigenface principle. After that, the experimental and test images to be recognized by artificial neural
networks For the experimental method, Eigenface is compared with 3 methods, Linear Discriminant
Analysis (LDA), Independent Component Analysis (ICA), and Local Binary Patterns (LBP), which
provides for facial recognition methods with 89.4 percent accuracy. And using Linear Discriminant
Analysis (LDA) with 68.7 percent accuracy, Independent Component Analysis (ICA) achieving 79.8

percent accuracy, and Local Binary Patterns (LBP) 86.5 percent accuracy.

Keywords: Eigenface, Eigenvector, Face Recognition, Linear Discriminant Analysis, Independent

Component Analysis, Local Binary Patterns
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